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This article presents research within an area of study between psychology and social communication.
The study approaches how the term “mental illness” is used in academic communication within a
dataset compared with other two online databases: one of newspaper articles and another of film
abstracts. More than 5000 abstracts extracted from those databases have been analyzed using
computational techniques with R programming: network relations, longitudinal analysis, correlations
calculus and sentiment analysis. We have been able to describe the social imaginaries present in
communication about mentalillness in those datasets. Our findings revealed a significant gap between
the scientific standards and common view on mental health, somehow related with the stigma linked
to mental illness. Two social imaginaries of mental illness have been identified mining those three
datasets: the academical and the popular social imaginary of mental illness. Only by understanding
how complexity is simplified in social communication we would be able to manage better, not just the
suffering of living with a mental iliness, but also the stigma surrounding mental illness.
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The present research treats a mixed area of study,
between psychology and social communication,
understanding that scientific psychology standards
also need to be contrasted with the way in which
they are present in social life. Particularly, the
study approaches how the term “mental illness”
is used in an academic dataset compared with
other forms of social communication, in this case,
two other datasets: one of newspaper articles and
another of film abstracts.

Autor para la correspondencia
manueltorres.cubeiro@usc.es

Imagonautas

On one hand, for the scientific standard, the
psychiatric taxonomies are usually taken. APA’s
DSM-5 and WHO’s ICD-10 define mental illness
from a bio-psycho-social perspective (APA, 2013;
WHO, 1993). By acknowledging the bio-psycho-
social complexity, both classifications recognize a

1 “A mental disorder is a syndrome characterized by clinically
significant disturbance in an individual’s cognition, emotion
regulation, or behavior that reflects a dysfunction in the psycho-
logical, biological, or developmental processes underlying men-
tal functioning. Mental disorders are usually associated with
significant distress in social, occupational, or other important
activities” (DSM-V, APA 2013)
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reality of mental illness with multiple faces, with
ontological, psychological and social elements
(Cockerham, 2017).

Nevertheless, on the other hand, communication
on mental illness does not follow these scientific
standards. Instead, social communication simplifies
such complexity generating social imaginaries of
mental illness (Torres-Cubeiro 2012; 2018). This
significant gap between scientific standards and
common view on mental health has been studied
as Mental Health Literacy (Jorm et al., 1997; Torres-
Cubeiro 2016); as well as in relation with the
stigma linked to mental illness (Pescosolido, 2013).
Consequently, mental illness doesn’t work as a
closed concept; on the contrary, it is communicated
from different points of views which can be studied
and compared, trying to detect what is more
relevant for each one.

Theoretical framework

What we call society emerges in communication
during human evolution as an intersubjective
reality; nor as an ontological reality in the physical
world, nor as a physical reality in psychology
(Luhmann, 1992, 1995; Moeller, 2013; Spencer-
Brown, 1979). Social imaginaries are part of the
complexity simplification that society has the
function of facilitating in communication (Pintos,
1995). Thus, a social imaginary makes possible to see
reality, understand it, and act using the provided
simplified scheme. That scheme produces, at the
same time, an emotional and rational structure of
what should be understood as real (Torres-Cubeiro,
2015). Social imaginaries emerge by communicative
repetition until they become unquestioned truisms
given by granted, thus providing meaning toreality.

Social Imaginaries are detected thanks to the
binary communicative code (relevant / opaque)
with which they emerge and work. A social
imaginary makes visible and simple in other ways
complex realities, because social imaginaries
hide part of such complexity, concealing such
part as opaque (Pintos, 2003). A social imaginary

emerges thanks to this relevant / opaque binary
code. Social Imaginaries allow the possibility of
perceiving, understanding and acting over such
reality (Pintos, 1995). For example, by insisting on
mental illness as a biochemical reality (the relevant
side of the code), its biographical, psychological
or social components (the opaque side of the code)
are obviated. By insisting on mental illness as a
biographical trauma (the relevant), its biochemical
and social components (the opaque) are precluded,
even eliminated from view (Torres-Cubeiro, 2012a).

There is not a unique single social imaginary but
multiple competing social imaginaries. Because
of this, society ensures not only its simplifying
function but also the possibility of adapting to
changes with a broad and available semantic pool
from which to make sense of the real (Pintos et
al., 2004; Torres-Cubeiro, 2012a). Although one
social imaginary may appear as dominant at a
given moment, it coexists with other multiple
contradictory social imaginaries, ensures social
adaptability to change.

Therefore, detection of social imaginaries needs to
be done by discovering conflicting views in social
communication (Pintos & Marticorena, 2012). Since
each social imaginary hides the opaque in order to
make perceptible what is selected as relevant and
therefore real; only the opaque of a given social
imaginary could be observed as relevant from
another social imaginary that contradicts the
former (Torres-Cubeiro, 2012a). Methodologically,
a social imaginary is only detected from an
observation of an observation, that is, from a
“second-order observation” (Luhmann, 1992).

Hypothesis

In social communication, there is no one meaning
of the term “mental illness”; on the contrary,
there are several. Our starting hypothesis is that
conflicting and contradictory imaginaries emerge
in communication about mental illness. They can
be designated as Social Imaginaries. By collecting a
sample of three different sources of communication
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on mental illness, we will be able to detect different
and conflicting simplifications of mental illness.
By contrasting what is seen as relevant and what is
seen as opaque in one source, with what is relevant
and what is opaque in a different source, the Social
Imaginaries in use about mental illness could be
observed.

Methods

Methodologically, the present research can
be situated between different approaches.
Firstly, the digital methods as Rogers (2013, p.
38) has defined them: in studying social media
we are studying the whole society, not a part
of it. Rogers proposes methods that combine
different databases and uses techniques like web
scraping and term frequencies (Rogers, 2019). In
this sense, it is necessary to understand society
as it is present in the places where it expresses
itself. Similarly, Marres (2017) proposes a digital
sociology. He affirms that new resources of social
data available in digital format demand the use of
new techniques which include computation as a
sociological method.

Applying these computational techniques, the
methods used are also related with text mining and
text analytics. As Moreno and Redondo (2016) have
stated, text analytics can be implemented through
computational tools to many different kinds of
corpus, like emails, blogs, tweets and forums, among
others. In the present case, abstracts of different
types of databases were put together by applying
text analytics over them. Moreno and Redondo also
quote techniques such as the sentiment analysis
used in this study. Previous research with this
approach is Cebral-Loureda et al. (2023).

In addition, it should be mentioned the digital
humanities approach. As Moretti and many
others following him had defended specifically
(Kuhn, 2019; Martinez-Gamboa, 2017; Moretti,
2013), a distant reading is needed to handle the
huge amount of data available nowadays. Through
techniques like relationship network graphs,

it is possible to observe from a distant point of
view what happens in a big corpus with several
documents, specifically their trends. Finally, this
distant reading approach could be complemented
with a closer reading, analyzing how specific terms
have been used in their more specific context. This
double view has also been applied in the present
case.

Data and techniques

For the present study, data has been gathered from
three different datasets or resources: IMDb, Scopus
and The New York Times. A total of 5650 abstracts
were collected using the keyword “mental illness”
during the first days of November 2020:

- Scopus: 2000 academic article abstracts
including: title, abstract and year; corresponding
with the years from 2000 to 2020. These data
have been collected using the permissions which
the Scopus platform itself allows for academic
research. 2000 is the highest number of items
that the platform allows with that configuration,
but it isimportant to point out that this source is
the only one among the three considered which
has many more abstracts than recollected. So, it
could be said that the research was made, just in
this database, over a sample. The criteria applied
to obtain was the relevance option that Scopus
platform provides -not the date, nor the number
of citations-.

- The New York Times: 1800 journal abstracts
were obtained from one of the most popular
newspapers in the United States. The data
was captured using the R package rtimes
(Chamberlain, 2019) with the function as_
search(). The database generated includes the
variables: title, abstract and publication date of
published articles. The abstracts correspond to
articles also published between the years 2000
and 2020. The number of abstracts obtained
approximates very well the maximum allowed
by Scopus.
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- IMDb: it is a database of film and tv programs
launched in 1990 and soon moved to the web
(https:/www.imdb.com/). For the present
research there have been collected 1770 film
abstracts including the variables: title, year,
gender and rating. The data has been gathered
using scraping techniques from their website
through the R programming package rvest
(Wickham, 2021). In this case, lessamount of data
was obtained, so we used all of them although
they had dates earlier than 2000. We preferred
a more accurate volume of data, than an exact
period of publication. Anyway, the dataset has
1458 abstracts between 2000 and 2020 and just
312 abstracts before 2000, which means less than
18% of the data.

dataset abstracts words distribution along time
academic 2000 210538 mil
films 1770 39363 R S i)
newspaper 1546 35578 ‘ . _.__._
1960 1980 2000 2020

Table 1. Summary of the corpus with the structure of each
database and the histogram of abstracts deployed along
time. There is more data on the academic database but,
as it has been explained, all the data has been normalized
taking into account their proportions. Own elaboration.

These datasets were mined in five steps through
R programming techniques. First, the package
tidytext (Robinson & Silge, 2020), together with the
tidyverse environment (Wickham, 2021), allowed
easily tokenizing the texts (abstracts), extracting
stopwords and counting most frequent words of
each dataset. With this, a global approach was
obtained to the whole corpus. Also, with the
function bind_tf_idf(), it was possible to calculate
the term frequency-inverse document frequency
(abbreviated as tf-idf), that is, an useful measure
to find the words that characterize the most each
dataset being little present in the others (Sparck
Jones, 1972).

Asecondgroup oftechniques hastodowith network
relations, which have proven to be useful for the
quantitative study of the Humanities (Ahnert et

al., 2020). Data was reorganized according to the
tidygraph (Lin Pedersen, 2020) structure, which
led to visualizing the corpus in terms of nodes and
edges. In this case, each dataset became a main node
from where edges depart to map the within words’
frequencies. Words appeared working as secondary
nodes for other words; therefore, connecting the
domains of each dataset and allowing to visualize
the network characteristic to the corpus.

In a third step, a longitudinal analysis was applied
inquiring which words were trending from 2000 to
2020 for each dataset within the corpus. To visualize
data’s evolution management operations with the
tidyverse package were applied.

In a fourth step, correlations between words were
calculated, according to their appearance within
each dataset. This was possible through the widyr
package (Robinson, 2020), specifically using the
pairwise_cor() function which finds correlations of
pairsofitemsinadocument. The calculationisbased
on the Pearson correlation giving a phi coefficient
as result of the function (Silge & Robinson, 2017,
pp. 63-66). This coefficient shows how often a pair
of words appear together in the same section. In
the present case, the words chosen to calculate
their correlations were the APA terms that classify
mental illness, that is: schizophrenia, psychopathy,
depression and bipolar (APA, 2013). It is also worth
pointing out that the unity where that correlations
were found was the abstract, previously filtered or
separated by dataset. So, the results show how the
correlations are given inside each dataset according
to the appearance of words together in the same
abstract.

Finally, a sentiment analysis was applied: managed
with tidyverse and tidytext packages, which in turn
uses sentiment libraries such as NRC (Mohammad
& Rubin, 2016). NRC library classifies words in eight
sentiment categories: trust, fear, sadness, anger,
surprise, disgust, joy and anticipation. Belonging
to a sentiment category, each word adds one value
point to that sentiment, given some words can
be in different categories at the same time. NRC
also classifies sentiments as positives or negatives:

14


https://www.imdb.com/

N2 17 | Vol 12. (mayo 2023)

trust, surprise, joy and anticipation as positives;
and fear, sadness, anger and disgust as negatives.
Then, the words with sentiment within the NRC
dataset and the words of the corpus were matched.
The sentiment value given in the NRC dataset was
multiplied by the number of times that the word
appeared within the studied corpus.

In order to compensate size differences among
datasets, all calculations have been done using
relative values; that is, counting total words
amounts of each datasets and calculating their
percentages -with the exception of the bind_tf_idf()
function and the pairwise_cor() function, which
do not allow this correction-. It is important to
acknowledge that no lemmatization nor stemming
have been used. Although these techniques could
increase precision in some operations, they
introduce errors when confusing some words. Also,
many times the specific form of a word is valuable.
However, for some forms of closer expressions
that could contribute more together, some terms
have been changed manually. For instance: the
expressions “mental illness”, “mental health” and
“new york” have been considered as a single token,
given that they express a specific meaning, different
from what they do independently. In a similar
fashion, different tokens such as “disorders” and
“disorder”, “study” and “studies” or “shooting” and
“shootings” have been considered as the same word.
There were some little adaptations to the keywords
that APA uses for mental illness classification:
“psychopathic” and “psychopath” were assimilated
with “psychopathy”; “depressive” and “depressed”
with “depression”; and “schizophrenic” with
“schizophrenia”. Numbers and some abbreviations
have been deleted as well as the stop words, in this
case employing the snowball lexicon as it comes
with the tidytext package (Robinson & Silge, 2020).

Results

Examining most frequent words results by dataset,
in Figure 1, clearly, films and newspaper datasets
share the use of closer semantic word groups,
presenting related semantic word families that

contrast with those used in the academic dataset.
Firstly, both datasets have in common the two most
frequent words: “mentally” and “ill”, highlighting
with a percentage of appearance over the 1% within
the film’s dataset. Secondly, they share a vocabulary
that describes common “people’”’, common places,
like “new york”, and common actions, like “says”,
in the newspaper dataset, similarly to the high
frequency of words like “story”, “family”, “man”,
“women”’, “one”, “life”, “girl”, “husband” and
“sister” in the film’s dataset. That contrasts with
highly neutralized terms to refer to people in the
academic dataset: terms like “study”, “results”,
“objective”, “controlled”, “patients”, “sample”
or “data”. Thirdly, regarding inverse document
frequencies, films and newspaper dataset show a
high use of the same term: “murder” -with a little
higher inverse frequency within the newspaper
dataset lexicon-. On the contrary, it is worth to
observe that “murder” -or any related word-
doesn’t appear in the high frequency terms of
the academic dataset. In this sense, terms like
“battles”, “shooting”, “gun”, “killed” or “fatally”’,
the most of them present with high frequencies
in the newspaper dataset, appeal to a very tense
reality, emphasizing not just a story to be told
behind the mental illness, but cases of dangerous
or violent conflicts. Just within the film’s dataset
appear some words that make its stories softer, like
“documentary” or “discovers” as its terms with the
most inversely frequencies.

On the contrary, observing the academic dataset,
the semantic prevalence used is very technical, with
high percentages for words like “results”, “study” or
“studies”, “treatment”, “conclusions” or “clinical”.
This trend can be also confirmed by attending to
the document inverse frequencies, where the terms
“reserved”, “sample”, again “conclusions”, “data”,
“objective” or “controlled” have high frequencies,
expressing indexes but also isolated environments
disconnected from the real and vivid world. The
high values of the document inverse frequencies in
the academic dataset also points out that it is the one
that differs the most from the rest, that is, the one

that has a more differentiated terminological use.
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Most Frequent Words
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Figure 1. Ten most frequent words according to a normal count (over) and according to the inverse document
frequency (below). Values were normalized using datasets size percentages. The token “mental illness” has been
removed. Own elaboration using tidytext and tidyverse R programming packages.

Figure 2 adds new nuances that confirm precedent
findings. Firstly, films and newspaper datasets have
stronger connections, which imply more constant
occurrences. With this network, it is easier to
observe that they share only common terms
describing cases and situations: “man”, a “family”,
“one”, “help” or “year”, and the modal verb “can”.
However, the terms that characterize most these
situationsare separated. On the newspaper’sdataset
side, terms like “death”, “shooting” or “police” add
fatal connotations to the common words shared;
on the film’s dataset side, terms like “suffering”,
“struggles” or even “love” refer also to difficult
situations, but with a more processual aspects and
even with positive feelings.

Between the newspaper dataset and the academic
dataset there are also many words in common,

16

although with weaker connections. It is worth
highlighting that they share a technical semantic
field, with words like “study”, “treatment”,
“disorder” or “patients”. All the words they have in
common appeal to the name of generic processes.
Meanwhile the newspaper dataset, as it was
said before, concrete these cases with tense and
fatal adjectives, the academic dataset uses a very
neutralized vocabulary: the words which concrete
the cases are “age”, “background”, “evidence”,
“symptoms” and similar words. Again, these kinds
of words isolate the processes of their contexts,
treating life and the people who suffer mental ill as
data without associated feelings.

There are no words in common -over the 0.2
minimum percentage of frequency established-
between films dataset and academic dataset. This

imagonautas
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suggests the idea that they are the furthest. Finally,
it can be observed the words shared by the three
datasets. It can be seen that the connections of these
terms with the academic dataset are much thinner.
However, in addition to the expected words they
would share -"mental illness” or “mental”’-, they

also have in common the temporary approach, a
kind of duration, with the words “life” and “years”.
Of course, this duration or processual aspect has,
as it has been indicated before, very different
connotations within each dataset.

findings
high research g ; 4 e
significant clinical
’ conclusions . may
using T— evidence
data risk
~ results methods among
associated
symptoms
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disease
s . well
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: also objective
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pahenféeatmem
police gtate
children death
says newspaper
- documentary
new york
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f man
new Shooting said family fove R
people
photo year 9ne s
many A il can find :
y meliEy suffering
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father story
world old
home mother
percentage o5 mm 10 W 15 - 2.0 dataset —— academic —— fims —— newspaper

Figure 2. Corpus network visualizing words shared between datasets with a minimum over 0.2% of frequency.
Values were normalized using percentages respecting the total size of each dataset. The width of the edges
indicates a more or less percentage of connection. Also, label sizes point out the alpha centrality grade of each

node within the network. Own elaboration using igraph and tidygraph packages in R programming.
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Figure 3 analyzes the presence of the four terms
that, according to APA classification, define the
different types of mental illness: schizophrenia,
bipolar, psychopathy and depression. Figure 3a
plots the correlations of these terms by dataset,
filtering the most correlated word for each dataset
and APA keyword. There were also removed words
that appeared just one time. As it can be seen, the
academic dataset has the highest correlations,
being the only one that has correlations with the
term “psychopathy” -as well as its derivatives
“psychopathic” and “psychopathic”-, which
appears very little within the whole corpus. The
term highly correlated with psychopathy is “hare”
which, checking in detail where it comes from,
belongs to the name of the most common checklist
used to assess the presence of psychopathy in
individuals. Complementary, the APA classification
keyword “bipolar” has the most distributed
coefficients of correlation of the corpus, followed
by “depression” -with its derivatives “depressive”
and “depressed”-.

However, another finding highlights even more: the
results on films and newspaper dataset are exactly
the same, just the level of correlation changes very

Correlations according APA classification

little. Thisisa very important finding which implies
that both datasets treat APA categories in a very
similar way, with the same main words correlated
and in the same order.

Regarding not the correlations, but the most
frequent words appearing together with the APA
classification terms, figure 3b can be seen. So,
both plots work similarly as it happens in figure 1:
the most specific terms are complemented with
the most frequents. Here, it draws attention to
how there are more frequent words in academic
dataset related with APA terminology, especially
terms which appear together with depression:
“study” and “results” with the highest frequencies.
Followed by the academic dataset, the films dataset
has also many frequent words related with the
APA mental illness classification. In this case, the
frequencies are a little lower, highlighting words
associated with depression, in the first place, and
schizophrenia.

Again, psychopathy has very few associations,
although regarding the most frequent words in
figure 3b, it has a little presence in films dataset. All
these findings will be discussed in the next section.
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Most frequent words according APA classification
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Figure 3a and 3b. More correlated words for the APA classification terms separated by each dataset, based on
the Pearson correlation (above). The plot is complemented with the most frequent words appearing together with
the APA classification terms and filtered by dataset (below). In 3b picture, the measures have been calculated
taking into account the total amount of words, which means that are percentage values. Own elaboration using

the widyr package in R programming.

Figure 4 shows frequency distribution over years. A
clear change can be observed from the first decade
(2000-2010) to the second (2010-2020): meanwhile
before 2010 academic and newspaper datasets have
higher frequencies, after 2010 the films dataset
highlights over the others. Forcefully, mentalillness
issues are treated in films during the last decade,
reaching the highest frequencies of the corpus
in 2017 and 2019. Of course, it should be observed
that the capture on Scopus was made attending
the relevance order that the platform provides.
This fact affects, without doubt, to the higher
articles published some years ago, with more time
to acquire relevance. However, it shouldn’t hide at
all the general trends of the data along the period
observed, especially the increase of frequency
within the films dataset.

Regarding the kind of words detected, again the
technical terms appear within the academic dataset

in the first decade, also refer to a mediated and
distant approach. Within the newspaper dataset,
in addition to the term “mental illness”, which
has the highest frequencies, there can be observed
situations that have an instant impact. Words like
“photo”, with a very high presence in the year 2000,
as well as the terms “gun”, “shooting”, “death”,
“said” or “killed” appeal to very concrete, tense and
fatal moments. They are quite opposed to the terms
that more characterize films dataset: although
they share a vivid and popular semantic field, the
situations which appear in films dataset, overall
after 2010, are more about gradual and experienced
processes. Terms like “struggles”, “story”, “battles”,
“abuse”, “addiction”, or even verbs like “finds”,
“become” or “can”, together with words previously
detected, like “documentary” and “discover” with
high inverse frequencies, refer to experiences that
impact deeply in persons.
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Most Frequent Words by Year
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Figure 4. Most frequent words by year. Results were normalized using percentages respecting the size of each
dataset. Own elaboration using tidytext and tidyverse packages in R programming.

Finally, Figure 5 presents graphically the sentiment
analysis of the datasets. As it can be seen, fear is the
dominant sentiment within the corpus, followed
by sadness. Then trust and anger come, with a very
notable presence of the first positive sentiment
within the academic dataset. In general, the higher
values are presented in the newspaper and film
databases, predominating, by far, the negative
sentiment scores. Just the academic dataset has a

positive sentiment average, with high scores of trust
and anticipation. However, within the film dataset
also stands out the sentiment of anticipation and,
even more, joy; comparing with the others datasets.
Inclusively, the film’s dataset’s positive sentiment
average is not so far from the negative one. Finally,
newspaper abstracts have a very low sentiment of
joy as well as the higher contrasts between positive
and negative emotions.
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Sentiment Analysis with NRC classification
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Figure 5: Sentiment scores obtained applying NRC classifier over the corpus. The plot above shows scores by
sentiment and dataset; below, the sentiments aggregated as positive or negative. Results were normalized using
percentages respecting the size of each dataset. Own elaboration using tidytext and tidyverse packages in R

programming.

Discussion

The collected data show how communication
about mental illness happens using mainly two
Social Imaginaries: one that can be denominated
academic social imaginary of mental illness, closer
to medical scientific standards; and a second one,
a popular social imaginary, which is away from
those standards, and it is mainly represented, in the
case of study, by the film’s dataset. The newspaper
dataset flows between these two social imaginaries,
although often having more in common with films.
For example, coincidences were found between
newspapers and films in the most frequent words
and inverse document frequency analysis, also in
the APA terms correlation analysis, as well as in

the sentiment analysis. However, also found were
common terms shared between academic and
newspaper in the network relationship analysis,
and more generally, considering the semantics used
in both datasets.

More specifically, while academic and newspaper
datasets share a type of communication about
mental illness with a more technical vocabulary,
newspapers share with films a more secular or
popular semantic description. Clearly, mental
illness in academic media focuses on medical
and clinical descriptions, obviating biographical
or social context and creating a more isolated,
impersonal and distant discourse; on the other
hand, mental disorders in films abstracts and
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also in newspapers conceal medical clinical data
to focus on biographical and social information,
even giving very personal details within the
film’s dataset, which appeal to personal and deep
processes affecting people lives. This difference is
also strongly supported in the correlations analysis
shown in picture 3, where the technical APA terms
to refer to mental illness -that is: “schizophrenia”,
“bipolar”, “psychopathy” and “depression”- are
more present and with higher correlations in
the academic dataset. Again, the popular social
imaginary would be conformed with the view
given in the newspaper and the film’s datasets,
talking about mental disorders and their relations
with suffering, crime and violence present in
common life.

Academic social imaginary of mental
illness

The academic imaginary offers a simplified
description of those living a mental diagnosis
as patients with a diagnostic label, following (or
not) a treatment, and with a clinical prognosis in
a controlled environment. From this perception,
few sentiments or emotions are involved, as it
was shown in figure 5. In addition, a so-called
objective description is offered, with high
values for terms like “sample”, “data”, “factors”,
“depression”, “mortality” or “prevalence” referring
to the implicated subjects; or “study”, “results”,
“symptoms”, “risks”, “clinical” or “cognitive”
referring to the processes. All these terms always
define a distant approach, mediated by quantitative
and technical vocabulary.

The academic imaginary almost doesn’t mention
social or biographic data about those with a
psychiatric diagnosis. In another publication,
it has been pointed out how the biomedical
imaginary on mental disorders is dominant in
social communication (Torres 2012b). Within
the present corpus, it has been shown how the
academic dataset was more correlated with the
APA technical terms, treating more depression and
schizophrenia.

Theacademicimaginary describesa patient without
much reference to his/her suffering or those issues
involving his social or family environment (Figure
2). No terminology related to violence or crime is in
use in this social imaginary. Jorm (1997) points out
the distance between academic scientific standards
describing mental health and the more common
popular view that associates mental disorders with
crime and violence. That distance is strongly linked
with the negative stigma associated with these
disorders (Pescosolido, 2013) and it deserves further
considerations and research.

Popular social imaginary of mental
iliness

The popular imaginary describes not patients
but people: brothers, sisters, husbands, sons,
or siblings suffering a mental illness. Although
diagnostic labels are not forgotten, this imaginary
focuses more on personal concrete data to describe
mental illness. The judicial elements are relevant,
as well as those related with criminal and violent
behaviors. Mental illness is related in these datasets
with words as “story”, “family”, “man”, “women”,
“one”, “life”, “girl”, “husband” or “sister” referring
to the implicated subjects; or terms like “death”,
“gun” or “shooting” referring to fatal and tense
instants. Particularly, film abstracts provide
biographies with personal and social background,
obviating more medical terminology (figure 2).
Also, APA psychiatric labels are scarcely in use
among film abstracts, being more frequent than in
the newspaper dataset.

It is significant that in the final years of data
collection, there is a substantial increase of the
presence of “mental illness” in film abstracts,
when compared with the other two datasets; with
the terminology associated with the popular
social imaginary more present. That increase is
less evident within newspaper abstracts, and not
present at all among academic data.

Ifitis observed in sentiment analysis (figure 5), films
and newspapers show a considerable presence of
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vocabulary associated with fairness and sadness,
something coherent with the frequency of crime,
suffering and violent terminology, which is very
frequent in both datasets. The academic imaginary
offers a perspective emotion clean or prophylactic,
itis neutralized by the technical terms and with the
lack of personal life references. While, the popular
imaginary offers an emotional sad and fearsome
atmosphere, coherent with film narratives and
crime newspaper outlines.

Itisimportant to highlight, in this context, that the
APA technical term “psychopathy” doesn 't appear
at all in the newspaper dataset and just a very little
in the film’s dataset. However, it doesn’t necessarily
mean that there is no presence of this kind of
mental illness. There is evidence to interpret that
the technical formulation has been replaced by the
criminal and violent behavior found throughout all
the analysis carried out in the present study.

Conclusions

Two main social imaginaries of mental illness have
been identified in social communication analyzing
data mined from three datasets widely used on the
global internet during November 2020. Firstly, we
detected what we could call an academical social
imaginary of mental illness. This social imaginary
offers a perception of mental illness as a medical
entity scientifically defined: a patient with a
differential diagnosis, a clinical development and a
medical treatment. That is what is relevant for this
socialimaginary. But theacademicimaginary offers
no much access to the biographical or social aspects
involved, neither emotions or sentiments. It is here
where its opacity lies. This social imaginary, closer
to scientific standards, is dominant in the academic
dataset, with some presence in the newspaper
abstracts and almost non-existence among the
film’s dataset.

A second social imaginary on mental illness has
been identified: the popular social imaginary
of mental illness. This social imaginary offers a

perception of mental illness as a biographical or
social happening: someone who suffers from a sad
and difficult situation, related to different forms
of violence and linked to crime or punishable
behaviors. That is what is relevant for this social
imaginary. The popular imaginary does not offer
much access to medical, clinical or psychiatric
data. It is here where its opacity lies. This social
imaginary is dominant in the film dataset, with a
clear presence in the newspaper abstract.

These two imaginaries have shown few
commonalities, opposing the technical to the
biographic, the neutral to the sentimental, the
cognitive processes to the suffering and pain. So,
the relevant and the opaque are mutually exclusive.
Just the newspaper dataset works, sometimes, as
a bridge between them, at least in terms of shared
words. The issue is that precisely this dataset, the
newspaper, is the one which has the highest values
of negative sentiment, with very strong values of
fear, sadness and anger. In this sense, it shouldn’t be
considered as a good candidate to mediate between
the polarization we have described, at least in the
form of the newspaper communication found
between 2000 and 2020.

This issue worsens when the timeline analysis
is taken into account. As it has been shown in
newspapers and, even more, in films, the presence
of mental illness has increased during the last
decade. Especially when we consider films, where
there have been more discussions about mental
illness since 2010, being the most used media among
the three treated in this study. However, this could
be considered positive as it supposes a way to
popularize mental illness problems, taking it out
of the controlled and isolated environment of the
psy-practices and labs. Also, there are quite positive
sentimentscoresinthefilmdataset, even with words
that appeal to living and vivid processes which
invite one to discover and transform oneself. The
documentary genre, which appears in the inverse
document term frequency, offers an approach
that combines objectivity with a biographical and
personal view. Although almost no technical term
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accompanying it was found. That lack is often
replaced with stories of addiction, suffering and
violence.

Further analysis

Socialimaginariesconstructcommonsenseinsocial
communication. In our topic common sense refers
to how in social communication mental illness is
understood, perceived and activated; or, in a wider
sense, mental health. The analysis shows how it is
possible to distinguish two social imaginaries in
use when social communication focuses on mental
illness: the academic and the popular. It could be
argued that both simplified so much the complex
reality involved in mental health, and that both
contribute to feeding our illiteracy on the topic,
contributing to explain the social stigma almost
inevitably linked to these experiences.

The present investigation can be expanded to
research deeply these possible limitations, it would
be suitable to analyze with more attention each
dataset. Also, there are variables that have not been
touched, like audience votes within film abstracts
or the number of citations within the academic
dataset. It hasn’t been carried out because the
difficulty to find a way to normalize them. However,
thesevariablescan betakenintoaccountinaspecific
approach to each dataset, studying separately what
tendencies or worries are more relevant for each of
them and even modelling their topics.

Further research also should be conducted to
comprehend not only the medical and clinical
processes, or the biographical and social elements,
but the communication processes involved,
more and more charged with polarization on
current social networks. Only by understanding
how such complexity is simplified in our social
communication, we would be able to manage
better, not just the suffering of living with a mental
illness, but the stigma that seems to be inevitably
associated with it.
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